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Methods for detecting network anomalies 
 

With the increasing complexity of today's network environments and the ever-changing 
cybersecurity threat landscape, network anomaly detection has become a critical component of 
information security. This comprehensive review examines a variety of network anomaly 
detection techniques, from traditional methods such as signature-based detection and packet 
inspection to more modern approaches based on machine learning. Machine learning is 
emerging as a promising tool for anomaly detection, covering supervised, unsupervised, and 
reinforcement learning approaches. However, successful implementation of machine learning 
methods requires high-quality training datasets and constant updating of models. The future of 
network anomaly detection is closely intertwined with the use of artificial intelligence, 
including deep learning and neural networks. These advances have the potential to create more 
accurate and adaptive security systems. 

 
Keywords: network anomalies, anomaly detection, information security, signature detection, 
packet inspection, logging and logging, machine learning, algorithms. 
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